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ARTICLE INFO ABSTRACT

Keywords: With today’s shrinking budgets for development cooperation and criticism that International Development
Results-based management Cooperation Organizations (IDOs) often fail to use performance data to inform decision-making, it is essential to
Learning

know if and how IDOs learn from their results-based management (RBM) practices. Learning is typically assumed
to happen in a cyclical RBM learning loop. Learning is supposed to occur in the final stage of the loop when
reporting should inform future decisions. We propose a new heuristic model for learning and observe that
learning from results is, in fact, taking place in IDOs, but not in the way previously envisaged. Drawing on
qualitative semi-structured interviews with 15 IDOs, we conclude that learning takes place at earlier stages of the
RBM cycle, and that the strongest link to learning is in the first stage of planning and forecasting. Moreover, we
observe that artifacts, interactive and dynamic dialogue, and drawing on various knowledge sources are key
characteristics of learning from results practices. Beyond these, we consider Theories of Change as an artifact to
be more likely to enable learning than other artifacts like reports as they visualize how problems will be turned
into desirable futures and often mobilize staff in interactive processes. These findings should inform efforts to
improve future RBM models to enable learning from results in IDOs by putting more effort into using results
information in decision-making, streamlining RBM processes, and providing additional support for processes

Development cooperation

Adaptive management
Development planning and foresight
Policy implementation

during the first stage of the RBM loop.

1. Introduction

With today’s shrinking budgets for development cooperation, the
question of whether and how to continue with development cooperation
activities is up for discussion in many large donor countries (OECD,
2025). In these discussions, a common argument for the closing down of
development cooperation is that it has failed to lead to results, or, the
recurring discussion in development literature, that development
cooperation organizations have not sufficiently learned from previous
activities and adjusted operations to the needs of the populations they
seek to support (Biggs & Smith, 2003; Boyd Williams et al., 2025;
Carlsson & Wohlgemuth, 2000; Easterly, 2006; Esser & Janus, 2023;
Kogen, 2018; Krohnwinkel-Karlsson, 2007; Moyo, 2009; Riddell, 2007;
Rottenburg, 2009; Vallejo & Wehn, 2016; Yanguas, 2021). Beyond
whether an intervention worked, if and how International Development
Organizations (IDOs) learn from the results of their activities and adjust
them is a critical concern for the future of the sector.

Results-Based Management (RBM) practices, the dominant
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performance management approach in IDOs, were broadly introduced
in the 1990 s to make development cooperation operations more
effective and efficient by enabling learning from previous activities
(Binnendijk, 2000; Vahamaki & Verger, 2019). Enabling learning from
results is one of the four key purposes of RBM in development cooper-
ation (OECD, 2023) and a crucial part of ensuring that taxpayer money is
used effectively when spent on development cooperation activities.
Within RBM theory, normative guidance, and existing RBM systems in
IDOs, learning is typically assumed to happen in a cyclical RBM learning
loop, starting from planning and forecasting, followed by monitoring
and reporting, and then finally the use of performance data to inform
decisions on current and future activities, i.e., learning (Biggs & Smith,
2003; Mayne, 2008; Moynihan, 2005; OECD, 2023; Vahamaki et al.,
2011).

In practice, however, using RBM for learning from results and
improved policymaking has proven challenging (Bajwa & Kitchlew,
2019; Honig, 2018; Mayne, 2008; OECD, 2023; Patil et al., 2022).
Crucially, both academic literature and evaluations of RBM approaches

0305-750X/© 2026 The Authors. Published by Elsevier Ltd. This is an open access article under the CC BY license (http://creativecommons.org/licenses/by/4.0/).


mailto:janet.vahamaki@sei.org
www.sciencedirect.com/science/journal/0305750X
https://www.elsevier.com/locate/worlddev
https://doi.org/10.1016/j.worlddev.2026.107451
https://doi.org/10.1016/j.worlddev.2026.107451
http://crossmark.crossref.org/dialog/?doi=10.1016/j.worlddev.2026.107451&domain=pdf
http://creativecommons.org/licenses/by/4.0/

J. Vahamaki et al.

criticize that while extensive amounts of performance data are collected
and produced, IDOs fail to use this performance data to inform decision-
making, i.e., they fail to learn (Bajwa & Kitchlew, 2019; Eyben, 2005;
Eyben et al., 2015; Honig, 2018; Lowe, 2017; Millat-e-Mustafa &
Shammari, 2023; Moynihan, 2005; Springer, 2021; Taylor, 2014;
Vahamaki & Verger, 2019).

In literature, a wide range of explanations for this failure to learn are
offered, including high uncertainty, temporal differences, and long
distances between donors and recipients (Ahearn & Mai, 2023; French
et al., 2021; Ramalingam, 2013); lack of reliable data in development
settings (Jerven, 2013; Merry, 2016); a focus on upwards accountability
and misplaced measurement efforts (Esser & Janus, 2023; Eyben et al.,
2015); and the need to maintain legitimacy vis-a-vis their authorizers
(Esser & Janus, 2025), among others.

Despite this substantial literature engaged in criticizing the lack of
learning from RBM in IDOs, there has been little engagement with the
underlying RBM model itself and specifically the assumptions about
when and how learning is expected to take place in the cyclical RBM
learning loop in IDOs. The classic RBM learning model, much like
organizational learning theories (Argyris, 1967; Auqui-Caceres & Fur-
lan, 2023; Basten & Haamann, 2018; Dixon, 2017), describes learning as
taking place in a cumulative loop where planning, monitoring, and
reporting, once completed, inform decision-making about activities.
While some scholars have looked at the premises underlying the RBM
model as such (Behn, 2003; Biggs & Smith, 2003; Gasper, 2000; Hatton
& Schroeder, 2007; Reinertsen et al., 2017; Vahamaki & Verger, 2019),
this assumption about where in the RBM model learning primarily takes
place has not been sufficiently problematized with respect to how
learning happens in existing systems.

Indeed, solutions for how IDOs can better enable learning from re-
sults data in RBM proposed by scholars are largely based on the premise
that development cooperation agencies need to simply improve their
RBM methods—that is, to “do RBM better” — without problematizing
underlying cumulative assumptions about learning from reporting.
Literature has, for example, called for more flexibility and adaptability
of RBM tools and methods (Cummings, 2015; Gutheil, 2020; Honig &
Gulrajani, 2018; Ramalingam, 2013); addressing the limits of mea-
surement (Angeli & Montefusco, 2020; Hasselman, 2017; Honig &
Gulrajani, 2018); improving existing data systems (Clements, 2020;
Delise et al., 2023); and the increased use of Al solutions, mathematical
models and machine learning (Guerrero et al., 2023; Kuzmanovic et al.,
2024; Lyons et al., 2025; Olusegun et al., 2024; Rahman & Singh, 2024).

Drawing on organisational learning theory, this paper thus aims to
untangle the potential for learning to happen in earlier stages of the RBM
learning loop by investigating the processes for learning from results in
IDOs. Given the dominance of RBM as an approach across the devel-
opment sector, understanding how and where learning is happening is
crucial input to the design of future RBM systems to enable learning
from results and thereby an effective allocation of development coop-
eration funds.

We ask the following research questions: i) Where does learning take
place in the RBM cycle and does it take place in the first steps of the RBM
cycle? ii) How and why does this learning take place? iii) What factors
characterize these practices of learning from RBM? To answer these
questions, we analyze the learning processes in the different steps of the
RBM model with the support of key characteristics for learning — the
joint creation of an artifact; a dynamic interaction process; and ambig-
uous and redundant information (Baskerville & Dulipovici, 2006; Busco
& Quattrone, 2015; Chang & Lin, 2015; Deschamps & Mattijs, 2018;
Flach et al., 2017; Hoey, 2015; Intezari et al., 2017; Migone & Howlett,
2015; Nonaka et al., 2006; Nonaka & Takeuchi, 1995). Empirically, this
paper provides new data from 29 qualitative semi-structured interviews
and documents from 15 different IDOs.

Departing from the outlined research gap about the assumptions
about the cumulative nature of learning in the RBM loop, and the well-
documented challenges for learning from results in IDOs, this paper
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contributes to literature about learning from RBM systems to support aid
effectiveness (Alexius & Vahamaki, 2024; Deschamps & Mattijs, 2018;
Esser & Janus, 2023; Eyben, 2005; Honig, 2018; Kogen, 2018; Lowe,
2017), and responds to calls for understanding when and how learning
takes place within the RBM cycle in IDOs (Biggs & Smith, 2003; Scott,
2024). We develop an alternative understanding of where in the RBM
model learning takes place in IDOs, proposing and applying a heuristic
model that outlines the potential for learning from each individual step
directly rather than only through the different steps building on each
other in a loop.

While RBM processes in IDOs often take place at multiple organi-
zational levels (individual, project, portfolio and organization-wide),
our focus in this paper is only on decisions informed by aggregated
data from projects and other sources, i.e. decisions taken at the portfolio,
organization or country level. There is a diverse literature on RBM
processes and learning at the individual and at the project level that
forms relevant context for this paper but given the need for IDOs to
demonstrate their legitimacy and impact as organizations in a contested
political climate, we focus on these aspects.

The remaining sections outline the theoretical background and
practical challenges of learning from RBM, our heuristic alternative
model of learning from results, followed by our methodological
approach. Then we apply the model to the 15 IDOs and analyze if and
where RBM practices have contributed to learning within the organi-
zations by informing decision-making. Finally, we outline our findings,
including lessons for refining future RBM systems.

2. Theoretical background: Learning from RBM practices

In this section, we introduce the theoretical context for our argu-
ment, suggesting that learning from results is happening within IDOs but
not in the way expected by the classic RBM loop. Starting from the
challenges of learning from RBM (section 2.1) and the assumptions
about learning underlying the classic RBM model (section 2.2), we
suggest that there is potential for learning to happen earlier in the RBM
loop (section 2.3). Subsequently, we describe three characteristics for
learning we are using as our analytical lens (section 2.3) and an alter-
native model for learning (section 2.4) to make sense of whether and
where learning happens in earlier stages.

2.1. Challenges of learning from RBM in IDOs

Learning from results in IDOs has proven exceedingly challenging,
and expectations about the use of reported results information to inform
decisions through RBM systems have not been met. RBM was launched
as a management strategy with “improving performance (achieving
better results) as the central orientation” (Binnendijk, 2000, p. 6) and
has been the dominant approach to the performance management of
development cooperation since the 1990 s (Vahamaki & Verger, 2019).
It has come with now well-established tools such as the Logical
Framework and Theory of Change. Subsequently, similar approaches to
RBM were introduced broadly in public administration under labels
such as “outcome-based management”, “performance-based budgeting”,
“performance management” and through tools such as the Balanced
Scorecard (Behn, 2003; Pollitt, 2006; Radin, 2006). RBM and related
approaches form part of the New Public Management wave, particularly
in its focus on having explicit standards and measures of performance
and greater emphasis on output control (Hood, 2012). Today, essentially
every IDO (bilateral, multilateral and philanthropic) has a formalized
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approach for results measurement and management, accompanied by
handbooks and guidance documents that draw heavily on the normative
guidance on RBM provided by the OECD/DAC (OECD, 2019, 2023).

However, RBM practices in IDOs have been criticized both in aca-
demic and gray literature' for focusing narrowly on the collection,
verification and reporting of data rather than its use for decision-making
(Koch, 2023; Lowe, 2017; Natsios, 2010; Rottenburg, 2009), often at the
cost of resources for implementing programs, analyzing data and
materializing the benefits of the data gathered (Hatton & Schroeder,
2007; Honig, 2018; Patil et al., 2022; Sjostedt, 2013; Vahamaki et al.,
2011; Vahamaki & Verger, 2019). Moreover, RBM practices have been
criticized as merely being mechanical “ticking the box™ exercises
(Alexius & Vahamaki, 2024; Eyben et al., 2015), and supporting
accountability and reporting data “upwards” to funders at the cost of
downward accountability and learning to enhance IDO’s legitimacy,
engaging in a kind of “window dressing” (Ebrahim, 2005; Esser & Janus,
2025; Hoey, 2015). A large literature has shown the difficulties of
managing for outcomes rather than outputs and establishing a link be-
tween inputs and impact across the results chain (Ahearn & Mai, 202.3;
Eyben et al., 2015; Gasper, 2000; Koch, 2023; Mayne, 2008; Rottenburg,
2009; Swiss, 2005; Try & Radnor, 2007). This has led to arguments that
RBM is not a useful model to steer work in complex environments
(Bajwa & Kitchlew, 2019; Forsyth Queen et al., 2018; French et al.,
2021; Lowe, 2017; Ramalingam, 2013; Springer, 2021). Some scholars
have even suggested that RBM practices are detrimental or counter-
productive for learning in IDOs (Best, 2014) as they incentivize staff to
focus on controlling targets instead of purpose of and relations under-
lying activities (Eyben, 2005), thus making agencies lose sight of their
core purpose (Natsios, 2010).

In response to these criticisms, there have been shifts in discussions
of RBM as a concept (or similar performance management approaches)
as well as actual RBM practices in IDOs. In recent academic scholarship,
we find a larger emphasis on learning in aid management under related
labels such as ‘adaptive management’ (Angeli & Montefusco, 2020;
Gutheil, 2020; Hasselman, 2017; Honig & Gulrajani, 2018; Sharp &
Wild, 2021), ‘responsive performance management’ (Lowe, 2017), or
‘managing complex outcomes’ (French et al., 2021). In these discus-
sions, we find suggestions for simplifying the cumbersome RBM pro-
cedures that govern development cooperation implementation in
organizations (Honig, 2018; Honig & Gulrajani, 2018; Lowe, 2017),
using more complexity-aware tools (French et al., 2021; Lowe, 2017
Sharp & Wild, 2021) and integrating broader knowledge such as
research and evaluations into RBM procedures (Hasselman, 2017).

In parallel, discussions in recent literature on the role of Al suggest its
potential to transform how learning occurs within IDOs (Kuzmanovic
et al., 2024; Lyons et al., 2025; Olusegun et al., 2024; Rahman & Singh,
2024). Studies have documented increased knowledge generation, more
dynamic and responsive ways of using project data and strengthened
data-driven decision-making when AI has supported the extraction of
insights from extensive project documentation (Garbero et al., 2021,
2025). These new technical developments further beg the question on
whether and how they impact envisioned learning processes in the RBM
loop.

However, when considering this literature on learning from RBM or
lack thereof, we note that there has been little engagement with the
underlying assumptions in the RBM model itself about when and how
learning is expected to take place in the cyclical RBM learning loop in
IDOs. While some scholars have looked at the premises underlying the
RBM model as such (Behn, 2003; Biggs & Smith, 2003; Gasper, 2000;

1 For example Carou-Jones et al (2019) on the United Nations Population
Fund, Lloyd et al (2024) on Norwegian development cooperation, Palenberg et
al (2019) on Finnish development cooperation, and Davies et al (2019) on UK
development cooperation. See Vahamaki & Verger (Vahamaki & Verger, 2019)
for examples from nine other evaluations.
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Hatton & Schroeder, 2007; Reinertsen et al., 2017; Vahamaki & Verger,
2019), we find that the assumption that learning from results informa-
tion primarily happens after the reporting stage of RBM remains intact.
Inspired by literature on the interactive nature of learning in organiza-
tions (Baskerville & Dulipovici, 2006; Nonaka et al., 2006), we thus
explore the possibility that learning is happening at other stages in the
RBM loop but is not captured where the classic RBM model locates
learning. This is further discussed in the following section.

2.2. How is learning from RBM expected to happen in IDOs?

Having outlined the difficulties of learning from RBM systems in
IDOs, we can now take a closer look at the assumptions about when and
where learning is expected to happen within the RBM model and sub-
sequently the potential for learning to happen in earlier stages.

These assumptions underlying a cyclical nature of RBM include (a)
the identification of clear and measurable objectives; (b) the develop-
ment of key indicators to measure progress towards objectives; (c) the
setting of targets and milestones associated with objectives and in-
dicators and a regular collection of data and comparison of the targets
with actual results, which will lead to (d) internal learning and decision-
making to achieve better results; and (e) ultimately render development
policy more effective (Bakewell & Garbutt, 2005; Binnendijk, 2000).

This ‘standard practice’ learning loop is reflected in RBM guidance
documents for different IDOs [see, for example, OECD (2019); UNSDG
(2012); UNODC (2018)] in a cyclical manner and includes the following
four steps:

Planning and forecasting the future—or how inputs, activities, and
outputs will lead to results (outcomes and impacts), defining the
indicators and assessing the risks that may impede expected results;
Monitoring progress from past and ongoing activities by using
appropriate indicators, and collecting and analyzing performance
data;

Reporting to follow up on results achievement; and

Use of performance data to inform and change decisions.

This RBM learning loop is outlined in Fig. 1.

In the literature criticizing the lack of learning from RBM, little
attention has been paid to the assumptions in this cyclical and cumu-
lative framing of the RBM loop and specifically if and how learning
could take place in the earlier steps of the RBM learning loop (planning
and forecasting and monitoring). Instead, in RBM theory and often in
practice, learning is assumed to happen primarily at the reporting stage,
when performance data generated during implementation is used to
inform decisions and subsequently make operations more effective and
efficient (Deschamps & Mattijs, 2018; Hvidman & Andersen, 2014;
Mayne, 2008).

Much like some organizational learning theories that posit a cyclical

4. Use: Performance data informs
decision-making and lead to
changes in action (Learning)

3. Reporting: To follow
up on results, data are
made available and
used for reporting and
communication

1. Planning and
forecasting: The
expected results
production
process is planned
and visualised

2. Monitoring:
Results data are
collected, shared
and analyzed

Fig. 1. Standard RBM learning loop.
Source: Authors’ own, based on OECD (2019).
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model of learning (Argyris, 1967; Auqui-Caceres & Furlan, 2023; Basten
& Haamann, 2018; Dixon, 2017), the standard RBM learning loop thus
assumes that for learning to take place, all four steps of the RBM loop
occur in a continuous fashion. Similarly, normative guidance, most
notably by the OECD DAC has emphasized that learning that informs
decision-making primarily happens in the link between step 3 and step
4, i.e., only when all previous steps of planning, monitoring and
reporting have been completed [see for example Osborne and Gaebler
(1992), UNSDG (2012), and OECD (2019)]. Thus, within this framing, it
is implicit that learning takes place when “what works and doesn’t
work” has been identified in the reporting stage and is then used to make
further decisions.

Indeed, while some IDOs have recently labelled their RBM ap-
proaches to focus more explicitly on learning and introduced concepts
like “Learning Based Management” (International IDEA), “Knowledge-
based portfolio management” (Norad); and “Outcome-focused philan-
thropy” (Hewlett), we find that the underlying assumption about where
in the RBM loop learning happens remains the same.

However, drawing on a wide variety of literature on managing
complex settings, we argue that the perception that learning will take
place primarily at the end of the RBM loop, when reporting needs to be
done, is overly simplistic (Alexius & Vahamaki, 2024; Ramalingam,
2013; Rzevski & Skobelev, 2014). Indeed, calls have been made in the
literature to ‘go deeper’ into the RBM cycle to find out how learning
unfolds within it, understanding what happens during the different
stages to understand how learning unfolds (Biggs & Smith, 2003; Scott,
2024).

Empirical evidence further suggests that there is both a mismatch of
temporalities in development cooperation, where results from projects
sometimes only materialize after, sometimes years after a project has
ended (Corbera et al., 2020; Kerr et al., 2017); and that the difficulties of
reporting on outcomes and impacts means that reported results infor-
mation makes it less useful and relevant for decision-making (Alexius &
Vahamaki, 2024; Biggs & Smith, 2003; Burman, 2021; Rottenburg,
2009). Thus, the assumption that results would be available and be
learned from only at the reporting stage is overly simplistic. In response
to these theoretical and empirical arguments, there is a need for a
refined analysis of when and where learning from results is happening
within RBM at earlier stages of the RBM learning loop that have previ-
ously been overlooked.

2.3. Understanding learning

To capture the understanding of learning from RBM in IDOs outlined
below, we broadly define learning as results information being used for
decision-making, leading to (change in) action (Moynihan, 2008). While
RBM models tend to locate learning after the reporting stage, literature
on decision-making has suggested that learning most often doesn’t
happen linearly but rather in interactive processes and by “muddling
through” when public administrators use limited, smaller-scale infor-
mation to navigate complex and uncertain situations (Flach et al., 2017;
Koziot-Nadolna & Beyer, 2021; Lindblom, 1959; Migone & Howlett,
2015), suggesting that learning is continuous and embedded in inter-
action (Baskerville & Dulipovici, 2006; Chang & Lin, 2015; Intezari
et al., 2017; Nonaka et al., 2006). Drawing on this literature, we will
analyze the learning processes in the different steps with the support of
three key characteristics of successful learning practices: The joint cre-
ation of an artifact; a dynamic interaction process; and ambiguous and
redundant information. These key characteristics were first established
by Nonaka and Takeuchi (1995) but have been confirmed in substantial
amounts of literature on organizational learning and performance
management as supporting learning (Baskerville & Dulipovici, 2006;
Busco & Quattrone, 2015; Chang & Lin, 2015; Deschamps & Mattijs,
2018; Flach et al., 2017; Hoey, 2015; Intezari et al., 2017; Migone &
Howlett, 2015; Nonaka et al., 2006). We believe that the three charac-
teristics are particularly suitable for analyzing learning from RBM as
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they could be present in all three steps of RBM model, though in
different forms.

The first key characteristic is the creation of a joint “artifact” in the
form of a metaphor or an analogy (Nonaka & Takeuchi, 1995, p. 86).
The use of this key characteristic is grounded in a large literature which
has underscored that visual artifacts such as diagrams, graphs, or
drawings support learning as they provide cognitive support and stim-
ulate abstract thinking, thus helping to simplify complex processes
(Pantidos et al., 2022; Qu & Cooper, 2011). Further, literature on spe-
cific artifacts such as the Balanced Scorecard have suggested that the
incompleteness of information, specifically during the production stage
(step 1 of the RBM loop) motivates learning as it allows users to
continuously question notions of objectives and indicators (Busco &
Quattrone, 2015).

Our second key characteristic is the dynamic interaction between
individuals from different parts of an organization, as well as outside of
it, highlighting that sharing knowledge requires a shared “field” and
learning culture where individuals can engage in dialogue and then
collective reflection on knowledge that has recently been rendered
explicit through sharing (Nonaka & Takeuchi, 1995, p. 100). In per-
formance management literature, a large number of studies have shown
that the mere dissemination of performance information is unlikely to
result in learning (Gerrish, 2016; Nitzl et al., 2018; Phuong et al., 2021).
Instead, learning requires a ‘multiplication’ of performance discussions,
learning forums, and a strategic focus on constant improvement, espe-
cially when these are tied to a formalized decision-making process
(Deschamps & Mattijs, 2018; Kroll, 2015; Moynihan, 2005; Moynihan &
Landuyt, 2009). In Ika’s (2015) analysis of project management at the
World Bank for example, supervision of activities during planning and
forecasting activities proved more effective for achievement of results
than during reporting. Indeed, drawing on literature on the link between
learning and motivation (Filgona et al., 2020; Volet & Jarvela, 2001), we
speculate that when decisions on new projects and activities are made
during the planning stage, i.e. step 1, there could be additional potential
for learning from learning forums and discussions during this step as it is
more rewarding.

Third, ambiguity and redundancy have been argued to be positive
for organizational learning, allowing information from different per-
spectives to be shared and reflected upon (Nonaka & Takeuchi, 1995, p.
94). Drawing information from ambiguous sources has supported
reflection and sense-making processes that synthesize information and
enable its use for decision-making (Flach et al., 2017; Migone & Howl-
ett, 2015). Applying this argument to an RBM system would suggest that
learning might require a combination of knowledge sources beyond
information at the output, outcomes and impact level from previous
activities that form the main performance data suggested in the classic
RBM model. Instead, results information from other knowledge sources
such as evaluation findings, personal stories, and research evidence may
be used at different steps even when formal monitoring and reporting
has not taken place. Using ambiguity and redundancy as a key charac-
teristic thus allows us to consider the potential for learning from
different sources of knowledge in the earlier stages of the RBM loop
through dynamic interactions between individuals and beyond infor-
mation contained in formal reporting. To capture the different infor-
mation sources used by the IDOs in their RBM cycles we will use the term
“performance data” for monitored data about outputs, outcomes, and
impact; and the term “results information” when the organizations RBM
models include other knowledge sources such as evaluation findings,
personal stories, and research evidence, to describe the kind of infor-
mation used for learning.

Thus, we suggest that staff in IDOs might not need to wait for the
reporting (Step 3) to be finalized before they use results information for
decision-making. Given that earlier stages of the RBM loop are charac-
terized by processes that have been shown to be enablers for learning,
we consider these three characteristics as a useful analytical lens for
understanding if and how learning happens in the earlier stages in the
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IDOs.

2.4. A revised theoretical model for learning from results information

Having problematized the underlying assumption of the RBM model
that learning takes place primarily after the final reporting step as overly
simplistic and outlined the potential for learning to take place at earlier
stages of the RBM loop, we now suggest an alternative model of the RBM
learning loop as a heuristic. In this revised model, each step 1 to 3 can
independently contribute to learning and lead to changes in decision-
making and learning can take place even if the full loop is never
completed (Deschamps & Mattijs, 2018).

The model shows that learning might happen independently at steps
1 and 2, circumventing a potential missing link between step 3 and step
4. Doing so captures the need for RBM practices to be suited to complex
and ever-evolving contexts and thus for decision-making based on re-
sults information to take place continually throughout the different steps
of the loop, even if the scope and kind of decisions vary (French et al.,
2021). Recalling the distinction between performance data and results
information introduced in the Section 2.3, this model uses the term
‘results information’ to show the diversity of information that decision-
making can be informed by.

Much like the classical RBM loop, Fig. 2 represents an ideal-type
scenario. While we acknowledge that learning might happen outside
these steps, given the extent to which steps 1-3 are institutionalized in
IDOs, they remain an apt focus of analysis to understand learning. This
heuristic model, capturing an alternative understanding of how learning
happens within the classic RBM loop, marks a key theoretical contri-
bution of this paper and is assessed using our 15 empirical cases in
Section 4.

3. Method

Against the many well-documented challenges of learning from RBM
practices among IDOs, we employed a purposive, theory-driven sam-
pling strategy to first identify organizations that had taken on successful
or innovative approaches to learning within their RBM system. An initial
sample of case organizations were selected from the academic and grey
literature on RBM and learning in IDOs based on a systematic literature
review (Vahamaki & Hilgert, 2024) and interviews with five external
experts/consultants with long-term experience of working with RBM
and learning for many different IDOs. Using a snowball approach, the
external experts and interviewees from organizations were asked for
recommendations of additional IDOs that were performing well on
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learning from results (Mockshell & Birner, 2020). The decision to
interview was based on the perceived novelty or excellence of the
learning processes in place at the organization, which was validated by
an internet search and analysis of organizational documents if available,
as well as the accessibility of key informants.

As the majority of literature highlights the lack of learning from re-
sults, the 15 IDOs serve as the “deviant” cases (Gerring, 2008) and were
selected to provide new insights about how and when RBM can enable
learning. Practically, these 15 cases represent a broad sample of IDOs,
showcasing the wide variety of ways in which learning from results
happens in development cooperation. At the same time, the cases
represent IDOs that primarily act as donors, i.e., organizations that
primarily provide financing for development cooperation activities
rather than implement them, as they are those who must most directly
justify their activities to their authorizers in a time of budget cuts for
development cooperation. Given our focus on untangling the potential
for learning from the earlier steps of the RBM loop, our primary focus
has not been to investigate the differences between the organizations but
rather to investigate if the same pattern emerges.

3.1. Empirical material

This study draws on interview data from 29 informants across 15
different cases (IDOs). Eighteen informants from 13 different IDOs were
interviewed specifically for the purpose of this study, all of whom work
on the systems and practices of results-management, learning or eval-
uation. In addition, this study draws on data from two separate single-
case study projects on two cases conducted by the authors (the Swed-
ish Folke Bernadotte Academy and the Norwegian Development Coop-
eration Agency), where interviews were conducted with 11 different
RBM and project staff, providing deeper insights into processes in these
two organizations (see Table 1 for an overview).

The majority of IDOs were bilateral development cooperation
agencies, with some multilateral organizations and one philanthropy.
Given the snowball sampling approach taken and the different spheres
of operation of bilateral and multilateral IDOs on the one hand and
philanthropies on the other, and the role of bilateral development
cooperation agencies as the traditional primary donor, this bias is not
surprising. All interviews were held in English, took place via Microsoft
Teams, lasted between 50 and 90 min each, and were conducted using a
semi-structured questionnaire. The questions focused on prompting in-
terviewees to outline and explain examples of when and how learning
from results had taken place, based on their experiences of how specific
organizational practices contributed to it (Esser & Janus, 2025).
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Fig. 2. Learning model for learning in individual steps. Source: Authors’ own.
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Table 1
Overview of case organizations.
Name Type Number of
interviews
Agence Frangaise de Développement (AFD) Bilateral 2
Danish Ministry for Foreign Affairs Bilateral 1
Dutch Ministry for Foreign Affairs Bilateral 1
Finnish Ministry for Foreign Affairs Bilateral 1
Folke Bernadotte Academy (FBA) Bilateral 8
Foreign, Commonwealth and Development Bilateral 2
Office (FCDO)
Global Environment Facility (GEF) Multilateral 1
International Institute for Democracy and Multilateral 2
Electoral Assistance (IDEA)
Norwegian Development Cooperation Agency Bilateral 3
(Norad)
Swiss Development Cooperation Agency (SDC)  Bilateral 1
Swiss State Secretariat for Economic Affairs Bilateral 1

(SECO)
United Nations Children’s Fund (UNICEF)
United Nations Development Programme
(UNDP)
United Nations Population Fund (UNFPA)
William and Flora Hewlett Foundation
(Hewlett)

Multilateral 1
Multilateral 2

Multilateral 2
Philanthropic 1

To triangulate findings from the interviews, relevant organizational
documents also underwent systematic thematic analysis using the same
codes as those used for the analysis of interviews. Documents included
internal and external evaluations, press releases, RBM manuals, strate-
gies, and guidance documents, and results reports, all published within
the last five years. These documents were retrieved from the organiza-
tion website, provided by key informants, and found through an internet
search.

3.2. Thematic coding and analysis

Interview transcripts and documents underwent thematic analysis
(Naeem et al., 2023) in three stages, first to assess if learning from RBM
is taking place, second to situate the practices in the revised model for
learning from RBM, and third to analyze the three key characteristics
outlined in Section 2.3. Although presented as a linear, step-by-step
procedure, the analysis was an iterative and reflexive process (Fereday
& Muir-Cochrane, 2006). Guided by the six iterative steps of thematic
analysis outlined by Braun and Clarke (2006), we carried out both
inductive and deductive coding on all texts (Mejia-Montero et al., 2021).
A-priori codes were generated to represent learning from results infor-
mation (stage 1), the three steps of the revised model for learning from
results (stage 2), and the three key characteristics for learning (stage 3)
and applied deductively in all three cases, with additional code gener-
ation and refinement inductively based on emerging themes from the
text (Elliott, 2018; Naeem et al., 2023).

For our analysis, we considered learning to have taken place only if
results information was used in the process of making a decision. To
operationalize this, the inclusion criterion for learning to have occurred
required a detailed description of when and how results information was
used to make a decision by informants and how specific organizational
practices contributed to it. To map the learning processes to our model,
the examples provided by our informants were situated in the RBM loop
at their organization. To illustrate our findings, we discuss some of the
learning processes analysed in more detail in section 4 to show how the
key characteristics for learning have or have not been operationalized in
the RBM process analyzed.

Operationalizing the three key characteristics for learning, we
consider an artifact to have been created when informants mention a
physical output of a process, often written or visual; and we consider a
process to be dynamic and interactive if it involves multiple people in
iterative discussion process in the same space. Finally, we consider there
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to be ambiguity and redundant information if different sources of in-
formation (e.g. performance data, anecdotes, reports, research) are
considered and discussed by different members of staff involved.

Codes were then analyzed to identify patterns and practices across
the material and grouped under relevant themes. This process was
repeated in an iterative fashion until no new codes emerged, with reg-
ular calibration by coding the same text independently and sense-
checking to ensure consistency across them. Illustrative quotes have
been used throughout the text to represent the groupings of themes—in
this case the learning practices and their key characteristics (Naeem
et al., 2023).

3.3. Scope, limitations, and ethics

This study explores RBM practices in a wide range of IDOs, providing
a significant breadth of material. The objective of this study is not to
approximate a representative distribution of RBM practices within each
organization, but to understand how learning processes unfold at
different stages of the RBM loop (Tight, 2017). The selection of in-
terviewees was purposive and theory-driven, selecting informants who
were centrally involved in designing, implementing, or coordinating
RBM processes. This was necessary to obtain detailed accounts of
decision-making sequences, feedback and learning routines, and mo-
ments of breakdown or adaptation within the RBM loop. While our study
relies on a limited number of interviews, the evidence presented is not
anecdotal, the level of detail provided in the informants’ narratives was
thoroughly analyzed. Data were systematically collected, transcribed,
and coded using an iterative, deductive approach with a semi-structured
protocol. Claims are grounded in multiple converging data sources and
repeated patterns across organizations.

To ensure the truth value of this study, the research team engaged in
two steps of respondent validation: (1) Key informants were invited to
comment on the use of their citations to ensure that the themes and
conclusions adequately reflect the phenomena being investigated
(Noble & Smith, 2015) and (2) After their individual interviews, key
informants were invited to an online workshop, to provide feedback on
the findings and to engage in a peer-learning session to enable learning
from selected cases of RBM practices. In this setting, participants
included both interviewees and key informants, three of which pre-
sented good practice cases from their organizations, and the identity of
participants as interviewees was not disclosed to other participants. The
workshop took place under Chatham House rules to ensure that par-
ticipants felt comfortable speaking openly. Informants were further
offered the option to provide feedback via email to account for potential
discomfort with speaking up in a group setting of peers. In all cases,
participants were informed about the objectives of the research project,
including confidentiality and anonymity for informants, and informed
verbal consent was obtained.

4. Results: learning along the different steps of the RBM loop

In this section, we discuss our findings of learning at different stages
of the RBM loop based on 15 cases, which are summarized in Table 2
(section 4.4). To illustrate our results, we discuss three examples of
learning processes in more detail under each step. While not represen-
tative of all learning processes analyzed, they exemplify how results
information is contributing to decision-making and how the three key
characteristics appear in these processes. In line with this, the numbers
provided for each step do not make claims to statistical representative-
ness but rather systematize the link between the presence of the key
characteristic and learning.

4.1. Step 1: the production model—planned and visualized

The main organization-wide planning tool for IDOs seems to be an
organization, portfolio, or thematic-level Theory of Change, aggregating
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Table 2
Summary of findings.
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Number of processes

Contributing to

Creating an Having a dynamic Having redundancy of

identified and reviewed decision-making Artifact interaction information
Step 1: the expected results process is planned and 10 5 10 8 7
visualized
Step 2: Results data are collected, shared and 16 1 12 10 9
analyzed
Step 3: Results data are made available and used 8 2 4 6 3

for reporting and communication

project-level information to a wider visual artifact and explaining how
projects or other activities are expected to lead to specific wider out-
comes and impact. In our empirical material, we find that almost all
IDOs use a Theory of Change or similar’ during the planning stage of
their organization, portfolio, or thematic-level activities. In the majority
of processes analyzed, we found that IDOs had built in specific learning
processes around the ToC development process.” While the ToC pro-
cesses in general were perceived as supportive for learning by our in-
formants, we found that half of the processes, i.e. five of the ten
processes analyzed directly contributed to decision-making, with the
three key characteristics discussed in Section 2.3 present in all five
processes.

One of the processes in which the production of a ToC contributes to
decision-making is the case of the Norwegian Development Cooperation
Agency (NORAD), which introduced a mandatory portfolio-level ToC
that aggregates how individual projects and agreements are expected to
contribute to outcomes. Portfolios are largely free to design the ToC as
best fits their needs, and developing the ToC is intended as a bottom-up
approach, starting from what is and isn’t working in the projects that
currently are in the portfolio.

The ToCs are accompanied by an additional artifact, a knowledge
plan which documents knowledge gaps and how to address them,
drawing on various information sources, grey literature, evaluations,
and research findings in the relevant fields. Thus, it goes much beyond
pure performance data, which speaks to the ambiguity and redundancy
of information as one of the key characteristics for learning (Nonaka &
Takeuchi, 1995). The production of the ToC and the knowledge plan
constitute a collective process of codifying and systematizing knowledge
that had previously been more tacit, identifying indicators as well as
which knowledge gaps need to be filled and how this will be done, thus
aligning with the key characteristic of having dynamic interaction.

The knowledge plan allows for strategic decision-making on how to
prioritize monitoring and evaluating portfolio activities. One of the in-
formants stated that: “When there is a well-established knowledge base,
we're pretty sure that what we're doing is working [..]”(I 15; Norad).
Moreover, the ToC and the knowledge plan are tied to a formalized
decision-making point where priorities on whether to continue the
agreements or not are set, such that results information gathered in the
process of producing the ToC contributes to learning.

A similar process of developing thematic ToCs has been introduced
by the Ministry of Foreign Affairs in Finland to ensure coherence among
the project, country, and portfolio level of interventions, which is linked
to different mechanisms for decision-making. The Finnish ToC process
also includes academic knowledge, evidence from evaluations, and re-
sults information (Virkkunen & Bruun, 2022). The fact that different

2 The Hewlett Foundation called it a Theory of Action.

3 For example, within AFD and SDC, processes were put in place to define
indicators jointly by different staff and experts, while IDEA conducted a process
of discussing ToCs in joint seminars. More structurally, the Hewlett Foundation
has built in a ‘Strategy Refresh’ moment to revise and discuss their ToCs on an
annual basis. Only one organization, the Swedish FBA, currently only has a
project-level ToC, which is not aggregated to a portfolio or organization-wide
level TOC process.

knowledge sources are used in the process was described by our infor-
mant as contributing to critical reflection among individual staff mem-
bers as well as public debates with the Finnish parliament and Finnish
citizens on what type of aid is most effective (I 8; Finnish Ministry for
Foreign Affairs). Similarly, findings from a meta-evaluation on the
country programs (tied to the thematic ToCs) found that the approach
had supported more questioning of previous results information prior to
decision-making (Palenberg et al., 2024). The OECD peer review for
Finland in 2024 further found that the process ensured that results in-
formation is incorporated in decision-making; “results from previous
relevant interventions or project phases are taken into consideration
when projects are up for approval before the Quality Board” (OECD,
2024, p. 50), thus contributing to learning.

However, the production of ToCs does not always contribute to
learning, such as in the ToC revision process at the Swedish FBA. The
FBA only has project-level ToCs, which individual project officers are
requested to revise during the annual planning and reporting of projects.
The FBA project level results template mainly includes performance data
for single projects, and does not require any other knowledge sources,
such as research or evaluation findings to be included in the assessment.
While there is potential for course correction of project activities to
happen during this process, there is no obligation or a formalized
organization-wide decision-making process for doing so. One of the
project officers stated that “then it [the ToC and the annual report] does not
go anywhere. It’s that Word document. And since now, I have taken some
initiatives to create learning around that. But even when I do that, it’s like
[...] and then what?”. (111) At the same time, our informants highlighted
that the flexibility of using RBM tools and extensive support from the
RBM advisors had allowed the RBM system to not be burdensome and
support reflection (Vahamaki et al., 2025). Thus, interestingly, we
observe that while the organizational set-up for the revision process for
the project-level ToC was not consistently contributing to learning from
results, the RBM processes within the organization were seldom seen as
a cumbersome exercise.

4.2. Step 2: Gathering, sharing, and analyzing data

During the second step, when the IDOs monitor activities and gather,
share, and analyze data about results and performance, we analyzed
processes that were intended to contribute to learning from performance
data or wider results information.” While we analyzed the highest
number of processes for this second step (16), our analysis finds only one
process contributing to informing decision-making, a process that also
exhibited all three key characteristics discussed in section 2.3. Thus, in
our analysis of the processes in step 2, we found that considerably fewer
processes contributed to learning.

The only process where learning is contributing to decision-making
according to our analysis is UNICEF’s “Programme Management Team
meetings” (PMTs) and section meetings. These gather key staff members
to assess progress and challenges in implementation, review the work
plan and indicators, and decide on corrective measures. The PMTs take

4 Eleven of the organizations had several relevant processes, bringing the
total number of processes analyzed to a total of 16.
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place every month at the country office level under the direction of the
country representatives and are attended by relevant chiefs of section (I
12; UNICEF). Our informant described the meetings as “powerful tools”
to correct action on a regular basis in a coordinated manner (I 2; UNI-
CEF). At a smaller scale, staff gather for section meetings every week,
which explicitly aim to consider and discuss information that is not part
of the formalized monitoring process, such as from site visits, anecdotal
evidence, partner meetings, and research findings. According to our
informant, the dynamic interaction process has required a “mental shift”
towards learning and adapting. During the meetings, activities are
course-corrected; thus, the process contributes to decision-making.
Further, the main artifact of the process is meeting minutes, which are
internally disclosed and can be reflected on and taken forward by those
not involved in the meetings.

In contrast, the UNFPA Orange Book of Results represents an exter-
nally facing artifact that can support the external legitimacy of an IDO
but fails to support learning and the use of results information for
decision-making, capturing the common trend of using results for up-
wards accountability rather than learning. The “Orange Book” was
initially developed as an external accountability mechanism in 2019 to
report results to donors and includes performance data of 1,400 results
achieved by country. UNFPA has since tried to use the performance data
from the Orange Book of Results in internal learning and decision-
making through an additional internal database of results, called the
Orange Database of Results. The database is launched every year with a
formal email by the UNFPA director and an encouragement to, as an
informant said, “take this serious and don't waste your money, re-
sources” (I 9; UNFPA). Despite attempts to encourage the use of the
performance data by staff, we did not find evidence that the perfor-
mance data was actually used in decision-making processes, partially
because the Orange Database of Results is not linked to any formal
decision-making point.

Other processes analyzed did not include joint artifacts but created
dynamic interaction processes, such as the communities of practice
(CoPs) introduced by the nonprofit intergovernmental organization In-
ternational IDEA (I 3; IDEA).° The CoPs are thematically organized
across regions and workstreams, take place every other month through a
video call, and aim to share data on results and activities with others to
encourage learning. While the CoPs are an example of a process where
results information from both evaluations and performance data is dis-
cussed in a dynamic interaction process, the extent to which practices
have been directly taken up in new ways of working and whether they
thus contributed to decision-making remains unclear (International
IDEA, 2024). Our analysis did not find concrete evidence of results in-
formation gathered, shared, and analyzed through this process being
used for decision-making, a fact that IDEA is self-aware about
(International IDEA, 2024).

4.3. Step 3: results data are made available and used for reporting and
communication

While all 15 IDOs have some form of reporting obligations and
practices, such as their annual reports where they make data available to
both their authorizers and the public, we found and analyzed eight
processes where the organizations had introduced additional practices
to learn from their results reporting. Among these processes, we found
only two where results information contributed to decision-making.
Moreover, similarly to the other steps, we found that only those pro-
cesses that supported learning also met the three key characteristics for

5 In the context of this paper, Communities of Practice (CoPs) are understood
only as one of several examples of a monitoring process that can enable learning
rather than an independent object of study. However, there is a vast literature
that analyzes the role and contribution of CoPs in development cooperation;
see, for example, Sethi (2017) or Farnsworth et al. (2016).
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learning.

One of the reporting processes contributing to learning is the Finnish
Ministry of Foreign Affairs (MFA) “annual results day,” a workshop
involving members of staff from embassies and members of staff from
the ministry. The results day serves as a forum for collective learning,
with presentations and panel discussions around thematic areas (I 8;
Finnish Ministry of Foreign Affairs), thus involving a dynamic interac-
tion process with a variety of people. The discussions and presentations
are based on two artifacts: the annual results report to Parliament as well
as a synthesis report on results of development cooperation, with results
information drawn from research findings, evaluations, and perfor-
mance data, i.e. from an ambiguous and ‘redundant’ combination of
information. The discussions at the annual results day feed into the
budgeting and planning for the next year, according to our informant,
indicating a link between results presented and decisions made about
programming and funding allocation (I 8; Finnish Ministry of Foreign
Affairs). According to the OECD peer review of Finland in 2024, this
process has further helped reinforce the use of results information for
both accountability and communication (OECD, 2024).

One innovative process we found but which was not contributing to
learning in step 3 of the RBM learning loop is the UNFPA “RBM seal”
corporate initiative, which aims to identify internal champions of RBM
and learning from results (MOPAN, 2025). In this recognition-based
model, country offices that have engaged in particularly adaptive pro-
gramming practices based on results are given an award—the RBM
seal—by the UNFPA Executive Director. The decision to award the RBM
seal is based on an independent review of country office activities,
assessing whether they were particularly adaptive: “Did you really
challenge the status quo based on information from the past to address
the problem?” (I 9; UNFPA). While there is some evidence that the RBM
seal offers good possibilities for championing practical examples of
learning from results (Carou-Jones et al., 2019) and that the uptake of
lessons and follow-up systems are perceived as highly satisfactory
(MOPAN 2025), the impact of the RBM seal initiative on the use of re-
sults information to inform or change programming remains less certain.

In discussions with our informants about challenges related to
reporting being heavily focused on accountability demands as high-
lighted in the RBM literature, some informants stress that the third step
of reporting results information is seemingly inherently opposed to
learning in the way it is set up. For example, one informant from a
multilateral IDO said:

“Now, tell me, what is the learning in repackaging the same information
three different times to meet the three different, slightly different
requirements?”

This speaks to the challenges that multilateral organizations face in
having to report their results in different forms for different donors,
which can be very time- and resource-intensive—and becomes an ex-
ercise of filling in boxes that is not conducive to learning. In a similar
vein, one informant from a bilateral IDO said that their process of results
reporting does not allow for understanding and reflecting on results data
to inform next steps and provides an unbalanced picture of results
achieved:

“It’s that the reporting is lousy. It’s not systematic, it's ad hoc, it's random,
and it doesn't really analyze and portray the challenges. It only kind of
gives some examples of some nice achievements. So, the reporting is well,
it can never be complete... And when you then use so much effort in
producing a nice, nice in [X]’s view, a nice picture of how good we are and
how efficient we are with aid money, you don't have any resources to
work with the results data and understanding what they mean. And how
should we go from here?”

In these examples, we see the tension between the demand to
communicate results and the demand to learn and find that the report
seldom is perceived as an artefact which is allowed to include broader
results information, and which seldom is discussed and used in decision-
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making.
4.4. Summary of findings

In summary, we find the strongest link to learning in the first step of
the learning model (See Table 2). Here, our analysis finds that results
information was used for decision-making or course-correcting pro-
cesses in half of the processes. The link to learning is weaker for both
step 2 and step 3: in step 2, we found that only one process, and in step 3,
a couple of processes, where results information was used in decision-
making. While some of the key characteristics were present in some of
the processes that were assessed as not contributing to learning, all three
key characteristics were present in the processes that contributed to
learning, implying that the characteristics can support successful
learning processes.

Our findings suggest that, at least in some of the case organizations,
results information informs decision-making through RBM processes,
which raises questions for previous literature arguing for the lack of
learning through RBM processes (Bajwa & Kitchlew, 2019; Brusset et al.,
2022; Honig, 2018; Mayne, 2008; Patil et al., 2022). Most strongly, we
find that the organization-wide ToCs as artifacts support learning in the
first step of the RBM loop, especially when they are tied to a formalized
decision-making point where new priorities are decided. The anticipated
decision-making point, as well as a requirement of inclusion of broader
results information in their production, drives interactive dialogue and
questioning, which contributes to learning from results.

Further, our findings point to a discrepancy between RBM theory
—the assumption and expectation that learning takes place in a cyclical
manner in RBM and that learning only happens after reporting— and
RBM processes in practice, where learning from results does happen-
—just at a different point in the RBM loop. Thus, our findings question
the cumulative assumptions of the RBM loop for learning from results
(Argyris, 1967; Auqui-Caceres & Furlan, 2023; Basten & Haamann,
2018; Dixon, 2017).

5. Discussion and conclusions

Previous literature on learning from RBM has assumed a cumulative
model (Argyris, 1967; Auqui-Caceres & Furlan, 2023; Basten & Haa-
mann, 2018; Dixon, 2017, 2017; OECD, 2021), where learning is ex-
pected to take place in a continuous fashion after reporting, between
steps 3 and 4 of the RBM learning loop. We have shown the potential for
learning to take place already in the planning, monitoring, and reporting
stages (steps 1-3) and found the strongest link to learning in step 1, i.e.,
planning and forecasting.

In the results section, we analyzed and described some of the pro-
cesses with the support of three key characteristics grounded in orga-
nizational learning literature to support knowledge creation in
organizations (Baskerville & Dulipovici, 2006; Busco & Quattrone,
2015; Chang & Lin, 2015; Deschamps & Mattijs, 2018; Flach et al., 2017;
Hoey, 2015; Intezari et al., 2017; Migone & Howlett, 2015; Nonaka
et al., 2006). We find that all three key characteristics were present in
the processes that contributed to learning, and indeed we did not find
any processes which met all three key characteristics and learning for
decision-making did not take place. In most cases, as described in some
of the processes (like IDEA or UNFPA) in the results section, we found
that only one or two of the key characteristics were present in processes
where results did not inform decision-making. Subsequently, we
conclude first, that the first step of the RBM loop is the most dynamic
moment for learning and second, that the three key characteristics
support successful learning processes. Below we discuss and contextu-
alize the implications of these findings.

Our finding that the first step is the most dynamic moment for
learning offers support for our suggestion that the production of artifacts
like the ToC at the early stages of the RBM cycle can enable learning as
decisions about future programming are expected then, which creates
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motivation for learning (Busco & Quattrone, 2015; Ika, 2015; Pantidos
et al., 2022; Qu & Cooper, 2011). Indeed, we find that the artifact
produced at step 1 — the organization-wide ToC seems to more strongly
support learning than other RBM artifacts, such as meeting minutes and
reports, produced in step 2 or 3. In our analysis, we find the organiza-
tion-wide ToC to support the creative and joint process where in-
dividuals collectively discuss and classify different types of knowledge,
creating a strategic vision and imagine a desired future, which in turn
supports motivation for learning (Busco & Quattrone, 2015; Nonaka &
Takeuchi, 1995; Pantidos et al., 2022; Qu & Cooper, 2011; Roth &
McGinn, 1998). Applying the same line of argument to step 2 and 3, we
find that the production of artifacts during these steps was considered
less motivating and less important to future decisions. Artifacts like
meeting minutes and reports were often perceived as more cumbersome
processes since they require activities to both gather and verify data,
which is often neither easily accessible or complete, nor provides an
accurate representation of reality. Moreover, the artifacts often only
allow inclusion of performance data following the anticipated logic of
the production chain, encouraging less collective reflection and
dialogue.

Further, the organization-wide ToC, being an externally disclosed
artifact, also offers some form of legitimizing function to IDOs, as one of
our informants said, “With the ToC, we can already tell a compelling
story to the Treasury.” (I 19, FCDO). Its communicative power lies in its
foresight function: both in its ability to visualize how the “problems”
will be turned into a “desirable future” (Garsten & Sorbom, 2021) and in
the simple visualization of how projects and activities are expected to
turn into impacts. Additionally, the organization-wide ToC production
process in our cases supported an intake of broader results information
and knowledge (research-based knowledge, evaluation data, anecdotes,
among others) in step 1 than in step 2 and 3. We found that those IDOs
who had made the inclusion of results information and specifically
research evidence a mandatory requirement for the ToCs and project
documents tied to it also had more dynamic dialogues and a quest for
more profound evidence on how problems at hand can be turned into a
desirable future.

If the ToC represents a shared vision of the future, then reports
produced during steps 2 and 3 are much more constrained by external
scrutiny (Grafstrom & Windell, 2019), exerting a different pressure of
reflecting reality in a narrow sense. With shrinking aid budgets, this
pressure to account for results can lead organizations to engage in a kind
of cosmetic masking that further hinders the possibility for learning in
steps 2 and 3 (Esser & Janus, 2023; Eyben et al., 2015; Heinzel & Liese,
2021; Vahamaki & Verger, 2019). The intense pressure on reporting,
and particularly double reporting by multilateral IDOs to different do-
nors, both in terms of the sheer amount of reporting and the pressure on
the figures, might explain why the artifacts created during these steps
did not seem to create a similar engagement among staff and external
audiences, and why their link to learning is less strong.

6. Policy implications and future research

We suggest two main implications for the design of future RBM
systems in IDOs. First, we suggest that organizations clearly link relevant
RBM learning processes to decision-making points since anticipation of
these decision-making points seems to drive a search for results infor-
mation and interactive dialogue which supports learning. Surprisingly,
in our data, a considerable number of the processes were not linked to
decision-making processes at all. As is exemplified in the processes
discussed in this paper, this can be applied to all steps of the RBM
learning loop.

Moreover, if reporting of results information (i.e., step 3 of the RBM
loop) is not a driver for decision-making about future activities by IDOs
or for prioritization of current activities when faced with shrinking
budgets, our findings question the need for the extensive reporting and
data validation processes (and departments) we currently see in
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IDOs—could they be leaner and could resources be allowed to focus
more on foresight and making sense of messy and redundant informa-
tion sources? Although our findings and the model presented are based
on a relatively small set of cases of RBM practices, we argue that IDOs
may consider how to streamline RBM processes and provide additional
support for processes during the first stage of the RBM loop.

Understanding how and when learning from results takes place in
IDOs requires additional research, and the heuristic model proposed in
this paper can be a starting point to further explore how learning in the
different steps relates to decision-making. As noted in the methods
section, this analysis does not systematically investigate differences in
learning between different types of IDOs (bilateral, multilateral, and
philanthropic). Given their differences in external authorizers, further
analyzing how these differ along the different steps would likely enrich
our findings.

Moreover, the conclusions in this paper are largely drawn from IDOs
in high-income countries, and variation may be expected when
analyzing IDOs and implementing organizations located in low- and
lower-middle-income countries, exploring how learning from results
and key characteristics vary between funders and implementers and
across geographies. For example, implementing organizations often take
over responsibility for the latter parts of the RBM cycle and the activities
themselves, while the work of the IDOs analyzed in this paper is largely
focused on planning and design, such that we may find variation in who
is learning and where. Our study focused on the organizational level,
and further research could explore these findings at the level of indi-
vidual bureaucrats in the IDOs, enriching the macro-level insights with
understanding of how individuals learn from and navigate these pro-
cesses, including due to the role that bureaucrats have in the organiza-
tion (Esser & Janus, 2025).

Finally, while Al solutions and machine learning have been shown as
having a potential to transform learning from results IDOs (Garbero
etal., 2021, 2025; Kuzmanovic et al., 2024; Lyons et al., 2025; Olusegun
et al., 2024; Rahman & Singh, 2024), our analysis did not identify any
cases at the 15 IDOs reviewed where Al tools had been functionally
integrated into the RBM systems as such, though development in this
area is underway. Indeed, AI solutions seem to be more elaborated
within evaluation systems (Mason & Montrosse-Moorhead, 2023; Stern,
2025) and one such initiative is the United Nations Development Pro-
gramme, which uses Al technology to create recommendations for the
design of future activities based on a database of over 6,000 evaluations
(I 10; UNDP). Thus, while they were excluded from further analysis in
this paper, once operational, the use of Al solutions in learning is
certainly a fruitful avenue for further practical exploration and future
research.
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